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* Global-meta analysis of studies evaluating
“conservation actions”

* Two thirds of cases effective, often with large
effect sizes
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Conclusions & outlook



The policy evaluation challenge

Not all “conservation
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actions” are policies (e-g. drug testing)
Many p(?I|C|es cannot be T
rd ndom |Zed Rq{ﬁdom Assignn\Nent

oooooo | group Treatment group

(Some) policy makers do not Y ¥
like to be evaluated

Almost all policy outcomes
are subject to selection bias



But, it can be done!

* From nalve to
counterfactual-based

evaluation

* From experimental to
guasi-experimental
methods

* Harnessing new (big)
data
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Naive vs counterfactual-based evaluations

Example: Protected Areas in Costa Rica

Protected before 1979 (control:
never protected and forested

Approaches in 1960)
Matching approaches* e S ey e
Covarlate matching —~0.111 (0.029) o R t‘?.?.;f ﬁ"
[N matched controls] (933 i,
Covarlate matching with calipers —0.124 (0.019) I g YT N Wl Y
[N outside calipers) [411] ool ’"" “"x'"”’:.m“:j;““h‘ ;,,:,,»O.CG,&,;Ies e
{N matched controls with calipers} {924} e e
Conventional conservation sclence approaches — ' ‘ MRS am;:m
Difference In means (DIM)* -0.438 o ameer o e o m,
DIM: controls within 10 km of protected area -0.375 . uepes . g, s
[N avallable controls| (3866 . m s ot o
DIM: controls within 10 km of PA, Include plots —-0.497 : s, By
deforested pre-protection e . :m’
{N protected plots} {1996} e B
[N avallable controls) [4956] .
Baseline reference estimate -0.392 (©2006 Toucan Guides)
N protected plots 2711
N avallable controls (10371)

*Standard errors for post-matching estimates, using variance formula in ref. 35, are in parenthesis.
*P = 0.10; all other estimates significant at P < 0.01.
*A Chi-squared test is used to evaluate the difference in means.



Naive vs counterfactual-based evaluations

Example: Conservation Payments in Mexico
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Comparing single evaluations

¢ tal (2017) - P
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* Most policies work
* Impacts are rather small
i Effectiveness Varies —=e— Honey-Rosés et al. (2011) ~

+ Robalino et al. (2015)
—+—e—— Sims and Alix-Garcia (2017)

a C rO S S CO n teXtS Ferraro et al. (2013) - Disincentive-

Ferraro etal.(2013) based policies

Ferraro etal.(2013) -
- Ferraro etal. (2013) .
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Borner et al. 2018



Meta-analyses for systematic evidence

Global sample of 136 forest
conservation policy effects

Borner et al. 2020

Comparing impacts across
(pressure) contexts

Normalized Cohen's d effect size
=]




What we know: Forest conservation
policies

* No policy instrument is generally better than
another

 Effectiveness increases when:

— Conservation policies are spatially targeted to where
the problem (e.g. deforestation) occurs

— Implementation capacity (including funding) is
sufficient and backed by political will

— Other (e.g. agricultural/infrastructure policies) are
coherently aligned

* |ncome effects often, but not always, positive



What we know little about: Forest
conservation policies

Role of contextual moderators (in general)

Policy costs (e.g. implementation &
opportunity costs)

Conservation policy tradeoffs (e.g. with
poverty and equality)

Interactions with other (conservation) policies

Policy leakage and other undesirable (and
potentially also desirable) spillovers



Importance of context

* Global analyses comparing differences in forest cover across borders

* Cumulative effects of governance quality and other context factors
produce large difference between countries

‘ polity effect

T o*316%

* >8%

* >4%
>0%

# none

Wuepper et al. (2024)
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Other policies & governance measures

Sustainability standards

Socio-economic impacts on smallholders
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Forest certification impacts on biodiversity

2
[ RN TR
[ ]
-2

aaaaaa

Africa Asia C.A  Europe N.A S.A Overall
(32) (92) (10) (71) (8)

Matias et al. (2024)



Outlook

* Rigorous evaluation is only just arriving in the
field of environmental and land use policy

— Huge evidence gaps
* Many new opportunities for evaluation

enabled by new data types (e.g. remote
sensing, digitalization)

* Implications for modelling (including
consequential LCA!) and scenario
development as well as for theory building



